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Challenges in Oncology:

Solutions in Analytics

= Clinical decision making
= Clinical practice

= Appointment scheduling
= Staff scheduling
= Process redesign

= System configuration
= Resource allocation
= Performance improvement



What is “Advanced Analytics”?

logistics _
process mapping

decision trees ~ Statistics
queueing theoryy,, . thinking
forecasting linear programming
Management Science

Business Intelligence
"wWova“computer simulation

o MIP

optimiqatl0nsfp‘p'fftﬁi-gﬁ;i{%’éffm Operations Research

ecision analysis
~Industrial Engineerin
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Teengineering

= An analytical, data-driven approach to decision
making



Prostate Cancer Treatment Decision Models

Gjpport clinical decision making, estimating optimal time to start radiation therapy \
treatment on a patient-specific level (advanced statistics)
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Patient Referral Analysis and System Configuration

~

Analysis of geographic distribution of
patient demand and utilization of
provincial resources to plan for optimal
capacity allocation across BCCA centres
in the future (geographic analysis,
mathematical programming)




Outpatient Process Review

G]derstand the patient wait experience during physician appointments and identify\

kOthers

process improvement opportunities (discrete event simulation)
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Performance Benchmarking and Advanced Modelling of RT Operations

/Development of performance metrics and advanced analytical models for \
benchmarking and operational improvements in a radiation therapy department
(statistical analysis, discrete event simulation)
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Chemotherapy Scheduling

Q:hedule chemotherapy treatment more efficiently to improve the patient experieng
and reduce clerical rework (discrete event simulation, mathematical programming)

Protocol
Schedule
Guidelines

Pre-Booked
appointments

Patient
Requirements

Pharmacy
Capacity

Cancellations




Radiation Therapy Staff Planning

6evelop a model to create a strategic

to three years

Booking
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staff plan for radiation therapists
describing which task area each
therapist will work in for the next two
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 Create a plan
» Adjust the plan
» Compare plans

» Use for schedule
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Through a path breaking
collaboration we are changing the
way cancer care Is delivered
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